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PROBLEM IDEA . . . Figure 5 Histograms of the analyzed ambient noise records (top) and P-wave signals (bottom) used to deduce the statistical
A lack of data from oceanic Seismic waves are converted into acoustic waves upon refraction at properties of the normalized power distributions. The values seem to follow the log-normal distribution law. For each scale
recions: the crust/water interface — record acoustic signals generated by e MERMAID mission we determine the mean and standard deviation of the distributions of the scale averages.
5 ' teleseismic P-waves. / ! 7y = STATISTICAL MODEL The set of values (u,, o,), ..., (u,, o, ) constitute a statistical model of a given type of the signal.
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Our approach was tested on the data of the Grosmarin experiment by applying the recognition scheme to each %
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SIGNAL ANALYSIS For each detected signal the probability Pwas calculated for the signal to be a P-wave. The signal was of s?gnal S
Absolute value of a wavelet transform coefficient y( S Ti) is proportional to the signal power in a given frequency recognized as a P-wave when P> P and rejected when P< P, , where P, was a predefined probability threshold. 0.0
Oceans are full of signals generated by the sources other than teleseismic band and at a given moment of time — 0.2
P-waves (ships, air guns, T-waves, whales, etc.) — o , Figure 7 shows the recognition results as a function of the threshold P, and SNR of the detected signals for two - 0.4
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We perform wavelet transform with CDF(2,4) bi-orthogonal wavelets y() * Automatic recognition scheme based on the statistical analysis of the distribution of the power of the
detected signal among ditferent frequency bands is designed.
o . Figure 4 Sample scalograms of the signals detected by ocean bottom hydrophones (OBH). Note the identical time scale for REFERENCES
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